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Design of mountain fire risk prediction system based on Convolutional Neural Network —— a
case study of Nyingchi City
Runhe Chen
College of Engineering, Tibet University

[Abstract] Nyingchi city in Tibet Autonomous Region is located in the southeast of the Qinghai Tibet Plateau,
with high forest coverage and dry climate, which is prone to forest fires. Due to the problems of low accuracy
and poor real—time performance of traditional mountain fire prediction methods, a mountain fire risk prediction
model based on convolutional neural network is proposed, which uses a variety of information such as
meteorological data, remote sensing images, terrain factors, historical fires, and uses the deep convolutional
neural network model to fuse the information extracted from each feature, and optimize the final weight
coefficient to obtain the mountain fire risk level. After experiments, it can be concluded that this method has a
certain improvement in accuracy compared with traditional machine learning. The accuracy of fire risk
prediction in this test set is about 7% higher than that of the original forest fire prevention early warning.
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